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Measurement of the cycle

� Trend and cycles not observables. Need assumptions to compute them
from observable series.

� Typical assumptions: trend is deterministic (no variability); smooth (low
variability); a random walk (plenty of variability).

� Interpretation of the evidence depends on which assumption one makes.

� How we treat 8-15 years cycles (not business cycles, not trends) usually
make a di�erence for interpretation.

� Credit crucial in Euro area: over 50% of external �rm �nancing via banks;

in US less than 25%.
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� Credit/GDP below trend since 2016 because real GDP is above trend.



Financial and real cycles in Euro area

Variable % of variance % of variance Persistence
2-8 years cycles8-15 years cyclesAR1

Credit/GDP total 1.5 18.3 0.99
Credit/GDP households 1.6 19.0 0.99
Credit/GDP private non �nancial1.7 19.1 0.99
log(real GDP) 2.1 20.3 0.99
Labor Productivity 2.2 20.4 0.99
Unemployment rate 1.6 18.1 0.98

� Similar features. Use same assumptions to measure cyclical features.

� Two setups: cycles 8-15 years are part of the trend; cycles 8-15 are part
of "cycle" _Use BIS de�nition as benchmark.
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� Some synchronization. Stronger in period of �nancial stress.
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� Credit lead unemployment by about 3-4 years.



Euro area heterogeneities
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Monetary policy and bank pro�tability

Altavilla, C., Canova, F., and Ciccarelli, M.: Mending the broken link:

heterogeneous bank lending rate and unconventional monetary policy,

forthcoming, Journal of Monetary Economics.

� Unconventional monetary policy helped to re-establish 'normal' lending
rates to �rms and consumers . Use information about 325 euro area banks.

� Measure how pro�t margins (lending - deposit rates) respond to uncon-
ventional monetary policy surprises.



J a n 1 4 J a n 1 5 J a n 1 6 J a n 1 7 J a n 1 8
­ 1

­0 .9

­0 .8

­0 .7

­0 .6

­0 .5

­0 .4

­0 .3

­0 .2

­0 .1

0

0 .1
A ll   b a n k s

J a n 1 4 J a n 1 5 J a n 1 6 J a n 1 7 J a n 1 8
­ 1

­0 .9

­0 .8

­0 .7

­0 .6

­0 .5

­0 .4

­0 .3

­0 .2

­0 .1

0

0 .1
B a n k s   in   S t r e s s e d   C o u n t r ie s

J a n 1 4 J a n 1 5 J a n 1 6 J a n 1 7 J a n 1 8
­ 1

­0 .9

­0 .8

­0 .7

­0 .6

­0 .5

­0 .4

­0 .3

­0 .2

­0 .1

0

0 .1
B a n k s   in   N o n ­ s t r e s s e d   C o u n t r ie s



Jan14 Jan15 Jan16 Jan17 Jan18
­0.4

­0.2

0

0.2
C apital R atio

Jan15 Jan16 Jan17

­0.2

0

0.2

D ifference: C apital R atio

Jan14 Jan15 Jan16 Jan17 Jan18
­0.4

­0.2

0

0.2
Sovere ign E xposure

Jan15 Jan16 Jan17

­0.2

0

0.2

D ifference: Sovere ign  Exposure

Jan14 Jan15 Jan16 Jan17 Jan18
­0.4

­0.2

0

0.2
Stable Funding

Jan15 Jan16 Jan17

­0.2

0

0.2

D ifference: S table Funding

Jan14 Jan15 Jan16 Jan17 Jan18
­0.4

­0.2

0

0.2
N on­per form ing Loans

Jan15 Jan16 Jan17

­0.2

0

0.2
D ifference:  N on­per form ing Loans

� Larger drop for banks with a low capital, high sovereign exposure, and
high share of NPL.


